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Abstract:
representatives from support examples and classify queries by similarity to those prototypes. In
the field of Textual Entailment (TE), many few-shot methods have combined Large Language
Models (LLMs) with prototypical ideas to adapt quickly with limited labeled data.
existing few-shot TE approaches often fail to exploit relative information among texts. In realistic

Prototype networks are a standard few-shot learning paradigm that construct class

However,

multiple-choice QA settings a single premise is paired with several competing hypotheses which are
also important for making the correct judgment. In this paper we propose UFO-CC that explic-
itly incorporates competitive context and robust prototype weighting to mitigate these problems.
UFO-CC improves stability and discriminative power through three stages: (i) append competing
contexts to each TE pair so the encoder learns relative differences via cross-attention; (ii) reweight
supports by similarity and a Context Gates-derived consistency score to build stable prototypes;
(iii) linearly fuse prototypes and average multiple head logits to reduce noise and stabilize predic-
tions. In the experiments, we show that our UFO-CC outperforms the UFO-ENTAIL models in
average accuracy on benchmark QA datasets.
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